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FIGURE 5 Predictive performance of a single-predictor binary logistic regression model. The predictor measure-
ment structure corresponds to:

A Wp=X+ep, whereX ~ N(0,0.5)andep ~ N(0,0.5).

B.Wy = X +ey, where X ~ N(0,0.5)and ey ~ N(0,2.0). Measurements are less precise at validation, i.e. "52(0) < "ez(vy
C.Wy =X +ey, whereX ~ N(0,0.5)andey ~ N(0,0.5). Measurements consistent across settings, i.e. crf(D) = of(v).
D.Wy = X, where X ~ N(0,0.5). Measurements are more precise at validation, i.e. 0’62(0> > Uez(\/)'



