Supplementary Material 1. R 4 EQ|3 HE}2M I C

#0| M| At 2= bin_dn (Table S1) &l.

» wlo]x]Qt W “gemtc” I 7|A|_o] EHA}

#gemtc Ij7|X| 2 &
library(gemtc)

bl

#H 0| 22|27

data_b_bin = read.csv("bin_dn.csv", header=T)

#R_gemtc; study, treatment, responders, sampleSize B4 UX|S{OFSHCE THQF OfL 2t H
#H0|E2 UESRA MYAl AHEEY mtcnetwork Sf=0fAf 7gotti= B0 =Lt

colnames(data_b_bin)<-c("study","responders"”, "sampleSize

, "treatment”)

#X|2 id ¥d (mtcnetworkBt=0| A 7dot H=FHo|2tH MEF7HS35i0Y)
treatments_bin <- read.table(textConnection('

id description

A "Treatment A"

B "Treatment B"

C "Treatment C"

D "Treatment D"

E "Treatment E"

"), header=TRUE)
#HEQZ A Y
network_b_bin <-
mtc.network(data.ab=data_b_bin,treatments=treatments_bin,description="Bayesian NMA
binary data") #treatments QlX}= X|Q|3}{ = E=IC}.
plot(network_b_bin) #network evidence map
summary(network_b_bin)
print(network_b_bin)

#HEYD BY 8
# Fixed effect model
model_b_bin_fe <- mtc.model(network_b_bin, linearModel="fixed', n.chain=4)

###MCMC simulation###

### burn-in 5000, iteration 10000, thin 20 ########

mcmc_b_bin_fe <- mtc.run(model_b_bin_fe, n.adapt=5000, n.iter=10000, thin=20)
plot(mcmc_b_bin_fe)

gelman.diag(mcmc_b_bin_fe)

gelman.plot(mcmc_b_bin_fe)

summary(mcmc_b_bin_fe)

### burn-in 5000, iteration 10000, thin 10 ########

mcmc_b_bin_fe <- mtc.run(model_b_bin_fe, n.adapt=5000, n.iter=10000, thin=10)
plot(mcmc_b_bin_fe)

gelman.diag(mcmc_b_bin_fe)

gelman.plot(mcmc_b_bin_fe)

summary(mcmc_b_bin_fe)

# 41} =17



summary(mcmc_b_bin_fe)
forest(mcmc_b_bin_fe)
forest(relative.effect(mcmc_b_bin_fe, t1="A"), digits=3)

### Random effect model
model_b_bin_re <- mtc.model(network_b_bin, linearModel="random’, n.chain=4)

##H#MCMC simulation###

### burn-in 5000, iteration 10000, thin 20 ########

mcmc_b_bin_re <- mtc.run(model_b_bin_re, n.adapt=5000, n.iter=10000, thin=20)
plot(mcmc_b_bin_re)

gelman.diag(mcmc_b_bin_re)

gelman.plot(mcmc_b_bin_re)

summary(mcmc_b_bin_re)

### burn-in 5000, iteration 10000, thin 5 ########

mcmc_b_bin_re <- mtc.run(model_b_bin_re, n.adapt=5000, n.iter=10000, thin=5)
plot(mcmc_b_bin_re)

gelman.diag(mcmc_b_bin_re)

gelman.plot(mcmc_b_bin_re)

summary(mcmc_b_bin_re)

# A1 H7|

summary(mcmc_b_bin_re)

forest(mcmc_b_bin_re)

forest(relative.effect(mcmc_b_bin_re, t1="A"), digits=3)

###Inconsistency 7178 2Ol node-splitting S S S| A ########

#mtc.nodesplitdf| HEQI MYS E=Ct

#fixed moel

nodesplit_b_bin_fe <- mtc.nodesplit(network_b_bin, linearModel="fixed', n.adapt=5000,
n.iter=10000, thin=10)

#0|Z4 XX HE BEO| LIS plot(nodesplit_b_bin_fe)
plot(summary(nodesplit_b_bin_fe))

#random moel

nodesplit_b_bin_re <- mtc.nodesplit(network_b_bin, linearModel="random’, n.adapt=5000,
n.iter=10000, thin=5)

#0|Z4 SHX|YXL B2 BEO| LI plot(nodesplit_b_bin_re)
plot(summary(nodesplit_b_bin_re))

###X| 2 HZE H WL Q| M ###
#rank.probability®] mcmc A|Zg|0|M ZAgHE E=Ct.

#2150| E2%F0| Mz E|H preferredDirections 12 Y10 H2F0| Mz|H -12 &
=Lt
#fixed moel

ranks_b_bin_fe <- rank.probability(mcmc_b_bin_fe, preferredDirection
print(ranks_b_bin_fe)

plot(ranks_b_bin_fe, beside=TRUE)

#random moel

ranks_b_bin_re <- rank.probability(mcmc_b_bin_re, preferredDirection = -1)
print(ranks_b_bin_re)

plot(ranks_b_bin_re, beside=TRUE)
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P HIEF9 W “netmeta”’ FI|A|_o|EHAH

#netmeta Ij7|X| 2 g



library(netmeta)

#0|0|E| 22{27)|
data_f_bin = read.csv("bin_dn.csv", header=T)

####raw dataZ| event nO|2}H TE seTEHE|Z Y Ch###
#TE seTEHEf2}H Y HFZ netmetad A|SFHEILC}
#Binary data; dn raw data& TE seTEZ RH2t5}7|; pairwise H &0
#H=0| 58 Yo = HESFULCH
colnames(data_f_bin)<-c("studlab”,"event”, "n", "treatment")
#pairwise2 23 7| TSI} OR(ZIDHSE)E QK| RREEIMHSHE) & ZQIX|7}
2%
data_f_bin <- pairwise(treatment, event = event, n = n,
studlab = studlab, data = data_f_bin, sm ="OR")
##HL0|E2 HHRX| UQULCHH study, d, n, trt LY
#data_f_bin <- pairwise(trt, event = d, n = n, studlab = study, data = data_f_bin, sm
="OR")
#data_f binE 7}X|1 7|&9| netmetaE =2|HEICE
H#H#

#HEYI EROM HYS AEY XN2YO2 HI|LM ALESHL.

tname_f_bin <- c("Placebo”, "IV(single)", "IV(double)", "Topical", "Combination")
#YEYD D MY

##Fixed effect model##
network_f_bin_fe <- netmeta(TE, seTE, treatl, treat2,

studlab, data=data_f bin, sm="OR", reference="A",
comb.fixed=TRUE, comb.random=FALSE)
netgraph(network_f_bin_fe, labels=tname_f_bin) #{|E|3 plot 4o
forest(network_f_bin_fe, ref = "A", digits=3, xlab = "Odds Raio")
summary(network_f_bin_fe)
print(network_f_bin_fe)

#HADY HE##

#inconsistency test(global approach) design-by-treatment interaction random effects
model

decomp.design(network_f_bin_fe)

#inconsistency test(local approach) side split (direct vs indirect comparision)
print(netsplit(network_f_bin_fe), digits=3)

##X| 27t H 22 MH; rank test##
ranks_f_bin_fe <- netrank(network_f_bin_fe, small.values="good")
print(ranks_f_bin_fe, sort=FALSE)

##Random effect model##
network_f_bin_re <- netmeta(TE, seTE, treatl, treat2,

studlab, data=data_f bin, sm="OR", reference="A",
comb.fixed=FALSE, comb.random=TRUE)
netgraph(network_f_bin_re, labels=tname_f_bin) #4|E2{3 plot
forest(network_f_bin_re, ref = "A", digits=3, xlab = "Odds Raio")
summary(network_f_bin_re)
print(network_f_bin_re)

#HQADLN AKX ##
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#inconsistency test(global approach) design-by-treatment interaction random effects
model

decomp.design(network_f_bin_re)
#inconsistency test(local approach) side split (direct vs indirect comparision)
print(netsplit(network_f_bin_re), digits=3)

##KX| 27t H D22 MA: rank test##
ranks_f_bin_re <- netrank(network_f_bin_re, small.values="good")
print(ranks_f_bin_re, sort=FALSE)



Table S1. Binary sample data for network meta-analysis

study d n trt
Alshryda 2013 10 80 D
Alshryda 2013 26 81 A
Barrachina 2016 4 36 C
Barrachina 2016 14 37 A
Benoni 2000 9 20 C
Benoni 2000 15 19 A
Benoni 2001 4 18 B
Benoni 2001 8 20 A
Claeys 2007 1 20 B
Claeys 2007 6 20 A
Fraval 2017 1 50 C
Fraval 2017 6 51 A
Husted 2003 2 20 C
Husted 2003 7 20 A
Hsu 2015 2 30 C
Hsu 2015 9 30 A
Johansson 2005 8 47 B
Johansson 2005 23 53 A
Kazemi 2010 7 32 B
Kazemi 2010 15 32 A
Lee 2013 9 34 C
Lee 2013 20 34 A
Lemay 2004 6 20 C
Lemay 2004 13 19 A
Martin 2014 3 25 D
Martin 2014 5 25 A
Niskanen 2005 5 19 C
Niskanen 2005 8 20 A
North 2016 8 70 C
North 2016 12 69 D
Rajesparan 2009 3 36 B
Rajesparan 2009 10 37 A
Wang 2016 9 81 B
Wang 2016 10 38 A
Wei 2014 6 101 B
Wei 2014 26 100 A
Xie 2016 3 70 B
Xie 2016 4 70 D
Xie 2016 0 70 E
Yi 2016 8 50 B
Yi 2016 1 50 E
Yi 2016 19 50 A
Yue 2014 3 52 D
Yue 2014 11 49 A

d, events; n, total sample sizes; trt, treatment. A, Placebo; B, IV(single); C,

IV(double); D, Topical; E, Combination. [1,2].






