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1. Literature review

We conducted a number of literature reviews to identify previous research on community-
based testing, following three different strategies: Firstly, we reviewed existing systematic
reviews of literature of HIV counselling and testing (HCT). Secondly, we identified appropriate
papers from records identified during an existing review of literature reporting on testing
covering men. Thirdly, we additionally searched PubMed for papers on the testing modalities
included in the analysis.

1.1 Search strategy

For the literature search concerning testing of men, we searched PubMed using search terms
denoting HIV, testing, and men, male, father or partner. For the second search, we searched
PubMed using combinations of search terms denoting HIV, testing, and the testing modalities
included in the analysis (i.e. home-based, mobile, campaign, school or index testing, partner
notification, self-testing or medical male circumcision).

The searches were conducted between September 2016 and April 2017 and included papers
written in any language between 2007 (the year of the first WHO guidance explicitly
mentioning rapid tests) [1] and 2017.

1.2 Results and uses

1.2.1 Papers on testing uptake

Our review included a total of 3,179 records, of which 300 (9%) were duplicates. 454 of the
3,179 records (including 210 duplicates) came from published literature reviews of HCT; 813
(including 80 duplicates) from the review of HCT options for men, and 1,901 (including 10
duplicates) from our additional review of community-based testing. Figure S1.1 summarises
the findings of the review; Table S1.1 gives the results by type of search/ review.

68% of the screened records were excluded at the abstract/title level; 77% of all papers assessed
at the full text level were excluded, 57% of which were because they reported on testing
interventions outside of sub-Saharan Africa (SSA), and 33% because they did not report on
testing uptake. Overall, 23% of all assessed records, or 10% of all identified records were
included, with the yield being slightly higher (8%) for the papers identified through the review
of published studies and the review of HCT options for men than for the additional search
covering community-based modalities (6%).

Of the 205 studies identified through the literature review, 40 were used to inform model
parameters on testing uptake by age, gender, risk group, HIV testing history and HIV status.



Table S1.1: Results of literature review by review method

Full-
text Full-text articles excluded
Records Records Records articles Studies Cost
identified Duplicates screened excluded assessed included Yield data
No data
Paper on
not testing  Non Total
found uptake  SSA  Other excluded
L Review of published g5 51 254 102 158 7 % o o 116 3 8% 4
literature reviews
2. Search as part of Testing g, 5 80 733 228 503 20 85 322 10 437 66 8% 0
men review
3 Additional search for g9 4 1891 1637 254 1 58 83 10 152 102 6% 14
community-based testing
All 3,179 300 2,878 1,967 910 28 233 405 20 705 205 6% 18
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Figure S1.1: Diagram of literature review for literature on the uptake and costs of community-
based testing modalities

1.2.1 Papers on the cost of testing

Costs were mentioned in only 18 of the identified papers, with 15 papers reported for sub-
Saharan Africa (4 papers for Uganda and Malawi each, 3 for South Africa, 2 for Kenya, 1 for
Lesotho and Swaziland each). Most of the SSA papers reported on home-based testing (9
papers), with 3 papers each reporting on self-testing and demand-creation campaigns. A further
3 reported on mobile testing, and 1 on testing as part of MMC (papers could report on more
than one modality). All papers except one reported on costs from the provider perspective; the
one exception reported on the patient cost of facility-based testing (mostly travel costs).

None of the studies containing cost data were used for the economic evaluation, as we required
South Africa-specific data for this, and the three South African cost analyses either did not
include the cost of HCT [2, 3] or reported on patient instead of healthcare provider costs [4].
We instead identified additional papers relevant to those testing modalities for which we did
not have data from our own bottom-up cost analyses from a separate review of per-patient costs
of HIV interventions in South Africa [5] as well as from an existing database of unit costs that
we had compiled for the South African HIV Investment Case [6]. Three papers on economic
evaluations of home-based testing [7], mobile testing [8] and assisted partner notification [9]
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were identified this way and used in the construction of the per-patient costs of these services
(Section 2.5.4).



2. Methods

2.1 Methods overview

The epidemiological model used in this analysis is MicroCOSM, an agent-based model
developed for South Africa [10]. MicroCOSM is an extension of an agent-based model
developed to simulate the spread of HIV and other STIs in South Africa [11]. The model
simulates a nationally representative sample of the South African population, starting in mid-
1985, allowing for changes in population size over time, as a result of births and deaths. The
model does not simulate migration, and is therefore not a fully realistic representation of South
Africa’s demographic profile. Fertility rates, non-HIV mortality rates and initial population
sizes — stratified by age, sex and race — are assumed to be the same as those assumed in the
ASSA2008 model, developed by the Actuarial Society of South Africa [12]. The starting
population size is set to 20 000 individuals, and the population profile is updated at weekly
time steps.

Figure S2.1 summarizes the variables that are assigned to each individual in the model. Each
individual is assigned a date of birth, sex and race. Based on these demographic variables,
individuals are assigned to various socio-economic states, which are dynamically updated. The
socio-economic variables include highest educational attainment, current schooling,
urban/rural location, migrant status and incarceration. Demographic and socio-economic
variables are in turn assumed to affect uptake of healthcare (hormonal contraception, condoms,
HIV testing, ART, pre-exposure prophylaxis and male circumcision). Each individual is also
assigned a number of sexual behaviour variables, which include their sexual experience,
propensity for concurrent partners (‘low risk’ individuals are defined in the model as
individuals who have no propensity for concurrent partners), marital status, number of current
partners, and sexual preference (each male is assigned a male preference value, which can vary
between 0 and 1, the latter representing men who are exclusively homosexual). The model also
records, for each individual, the identifiers of their current partners, so that individuals can be
linked in a sexual network. Individuals are assumed to choose their sexual partners in a highly
assortative manner, i.e. tending to select partners of the same educational attainment, race,
location, risk group and age group. Based on their sexual behaviour and uptake of
healthcare/prophylaxis, individuals are assigned risks of acquiring HIV and other STls, as well
as (in the case of women) risks of falling pregnant. Each HIV-positive individual in the
population is assigned an HIV viral load and CD4 count, which determine their risk of
transmitting HIV and their risk of dying from HIV respectively. A more detailed description
of the model is provided elsewhere [10].
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Figure S2.1: Individual-level variables in MicroCOSM

The model has been fitted to age-specific HIV prevalence data from three national household
surveys (the HSRC household surveys conducted in 2005, 2008 and 2012 [13-15]) and national
antenatal surveys conducted over the 1997-2015 period [16], as well as surveys of HIV
prevalence in sex workers and MSM. A likelihood function is defined, to represent the
goodness of model fit to the data. Prior distributions are specified to represent the uncertainty
in 11 of the HIV transmission parameters, and a sample of 48 000 parameter combinations is
drawn from these prior distributions. For each parameter combination, the model is run, and
the likelihood is calculated. The 100 parameter combinations that yield the highest likelihood
value are then used to generate more detailed model outputs. For each of the 100 parameter
combinations, the model is run 5 times, to reduce the extent of the stochastic variation in model
outputs, giving a total of 500 model runs. Most of the model results presented in this report are
calculated as the average of the results from these 500 parameter combinations. Where
uncertainty ranges are presented, these are calculated using the standard errors of the results
across the 500 simulations. These uncertainty ranges reflect mostly the stochastic uncertainty
that is inherent in the use of an agent-based modelling approach, and are not a true reflection
of the overall uncertainty in the model parameters.

Figure S2.2 compares the model estimates of HIV prevalence in the general population with
those observed in the HSRC household surveys. The model provides a reasonable fit to the
data, although some of the model estimates lie outside of the 95% confidence intervals around
the survey estimates.
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Figure S2.2: HIV prevalence in the general population
Model results are the average results generated using 500 simulations.

Figure S2.3 shows the model calibration to the antenatal HIV prevalence data. Although the
model fits the overall antenatal HIV trend reasonably well, the model tends to slightly under-
estimate HIV prevalence in women aged 35-39. Antenatal survey results prior to 1997 survey
were not used in defining the likelihood function, but are shown for validation purposes: the
model tends to over-estimate the pre-1997 prevalence at younger ages (15-24), but under-
estimates the pre-1997 prevalence in the 30-39 age group.
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Figure S2.3: HIV prevalence in pregnant women attending public antenatal clinics

Model results have been adjusted to reflect the antenatal biases: the antenatal bias changes in 1997 due to changes
in antenatal testing protocol (surveys in 1997 and subsequent years did not include confirmatory testing and some
exaggeration due to false positive test results is therefore expected). Model results are the average results generated
using 500 parameter combinations.
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Figure S2.4 compares the model estimates of HIV prevalence in key populations with the levels
of HIV prevalence measured in local surveys. Although the model estimates of HIV prevalence
in MSM appear higher than those observed in surveys, the surveys are probably biased towards
younger MSM, who have lower HIV prevalence, and the model estimates are roughly
consistent with those obtained in a recent analysis that controlled for age differences between
modelled and observed MSM populations [17]. Model estimates of HIV prevalence in female
sex workers appear roughly consistent with survey data, though slightly higher on average. The
average model estimate of HIV prevalence in prisoners, over the 2005-2015 period, was 15.5%,
consistent with survey estimates of between 7% and 23% over the 2006-2013 period [18-20].

(a) Men who have sex with men (b) Sex workers

100% 100%

90% - 90%

80% -

70% -

60% -
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50% -

40%

30% A

20% A

10%
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Figure S2.4: HIV prevalence in key populations
Model results are the median HIV prevalence estimates and interquartile ranges (IQRs) generated using 500
parameter combinations.

The MicroCOSM model has been extended to allow for a number of new HIV testing
modalities. The model also allows for the possibility that the community-based models of HIV
testing may be associated with different probabilities of linkage to ART following diagnosis
(compared to existing HIV testing modalities in South Africa). Sections 2.2, 2.3 and 2.5
describe these extensions to the model in more detail.

Where absolute numbers are presented, these are calculated by multiplying the simulated
numbers in the sample of the South African population (from MicroCOSM) by the ratio of the
size of the South African population in the relevant year (as estimated by the Thembisa model
[21]) to the size of the simulated MicroCOSM sample in the year of interest.

2.2 Current South African HIV testing modalities

This section describes the modelling of HIV testing strategies that have already been introduced
in South Africa (i.e. testing strategies that form part of the ‘baseline’ scenario).

2.2.1 General HIV testing

General HIV testing refers mainly to self-initiated HIV testing and all other HIV testing not
included in the categories outlined below. The approach to modelling general HIV testing is
similar to that described in the Thembisa model [22], which is to say that the rate of general

12



HIV testing is assumed to depend on the calendar year and the individual’s age, sex, sexual
experience, educational attainment and HIV testing history. Base HIV testing rates are
specified for each sex and each year (see Table S2.1). These base HIV testing rates are set in
such a way that the model matches the total recorded numbers of HIV tests performed in South
Africa in each year (see Figure 1a of the main text), and are also set to match the relative rates
of male and female reporting of past HIV testing in household surveys, as estimated using the
Thembisa model [22]. The base testing rates prior to 2002 are estimated by interpolating
linearly between a zero rate in 1990 and the rate estimated in 2002, due to the lack of data on
routine HIV testing prior to 2002.

The base HIV testing rates are assumed to apply at age 25. Multiplicative age adjustment
factors are applied to these base rates in calculating the rates that apply at other ages. A gamma
probability density function is used to represent the relative rate of HIV testing at different
ages; in males, the mean and standard deviation of the gamma distribution are set at 37.2 and
28.0 respectively, while in women the mean and standard deviation are set at 22.3 and 19.4
respectively, the values estimated when the Thembisa model was fitted to age- and sex-specific
HIV testing data in South Africa [22].

The base HIV testing rates are assumed to apply in individuals whose highest educational
attainment is grade 11. For each additional grade completed, the rate at which individuals seek
general HIV testing is assumed to increase by a factor of 1.12. (For example, the rate of HIV
testing in someone who has completed grade 8 would be 0.71 times (1.12°%) the base rate that
applies in an individual who has completed grade 11.) The factor of 1.12 is the estimated effect
of educational attainment on the uptake of HIV testing by black South Africans between 2010
and 2012, after controlling for age, sex and other factors, which was estimated using data from
nationally-representative surveys [23].

General HIV testing is assumed not to occur in youth who are not yet sexually experienced,
but apart from this, no effect of sexual risk behaviour on the uptake of general HIV testing is
assumed. These assumptions are consistent with South African studies. For example, in a recent
study of youth in Western Cape and Mpumalanga, those who reported being sexually
experienced were 4.7 times (95% CI: 3.1-7.1) as likely to report having tested for HIV as those
who were virgins, after controlling for age and other factors (Franziska Meinck, personal
communication). Similarly, in a household survey conducted by Venkatesh et al [24], virgins
were significantly less likely to report previous HIV testing than youth who were sexually
experienced, after controlling for age and other factors. However, among youth who were
sexually experienced, the lifetime number of sexual partners was not a significant determinant
of the individual’s previous testing, either in men or women. Most other South African studies
have also not found significant associations between HIV testing history and numbers of
partners [25-27].

The base rates apply to individuals who have never tested for HIV before. Individuals who
have previously been tested for HIV (and tested negative) are assumed to have a higher rate of
HIV testing than individuals who have never previously sought testing, with a multiple of 1.97
being applied to the base rates. This multiple is the same as that estimated when the Thembisa
model was fitted to South African HIV testing data [22], and is consistent with various South
African studies that show higher rates of testing uptake in previously-tested individuals
compared to previously-untested individuals [28-30]. It is assumed that individuals who have
previously been diagnosed positive might also get retested, either because they seek
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confirmation of the positive test result or because they need to test again in order to link to HIV
care. The relative rate of retesting in previously-diagnosed untreated individuals is set to 0.5,
based on model calibration to observed trends in HIV prevalence among adults testing for HIV
(Figure 1b of the main text). In treated individuals, this relative rate is multiplied by a further
adjustment factor to take into account the likely lower rate of retesting in treated individuals:
this relative rate is 0.15, based on the Thembisa model [31].

Mathematically, the rate of HIV testing through general HIV testing is calculated as
bg(t) Ag(x,t) E" i 6a,

where bg(t) is the ‘base’ rate of general testing in year t, in individuals of sex g aged 25 whose
highest educational attainment is grade 11, Ag(x) is the adjustment factor to account for age (x),
E" is the adjustment factor to account for highest educational attainment (h), ri is the adjustment
to take into account HIV testing history (i) and 6a is the adjustment factor to take into account
ART status (a). The E parameter has been set to 1.12. The r; values have been set to 1 for
individuals who have never been tested (i = 0), to 1.97 for individuals who have previously
been tested but not diagnosed positive (i = 1), and to 0.5 for individuals who have previously
been diagnosed positive (i = 2). The 6. values have been set to 1 for individuals who are not
on ART (a = 0), and to 0.15 in the case of individuals on ART (a = 1). The age adjustment
factor is of the form

A, () = [215) . exp(— Ag(x— 25)),

where ag and Aq can be considered the parameters of a gamma density, with corresponding
mean and standard deviation of ag/lg and ag>°/1q respectively. As noted previously, the means
have been set to 37.2 and 22.3 years for men and women respectively, while the standard
deviations have been set to 28.0 and 19.4 years for men and women respectively.

2.2.2 Testing of patients with HIV-related opportunistic infections

The CD4 counts of HIV-positive adults are dynamically updated, and the incidence of HIV-
related opportunistic infections (Ols) is assumed to be a function of the individual’s CD4 count
and receipt of ART. The annual incidence of Ols in untreated HIV-positive adults is assumed
to be 0.05 per annum during acute HIV infection, 0.08 per annum after acute infection in
individuals with CD4 counts of 350 cells/ul or higher, 0.27 per annum in individuals with CD4
counts of 200-349 cells/ul and 0.90 per annum in individuals with CD4 counts <200 cells/pul.
These rates are based on studies of the incidence of Ols in HIV-positive adults in sub-Saharan
African settings [32, 33], and are the same as the values assumed in the Thembisa model [22].
The incidence of HIV-related Ols in HIV-negative adults has been set to 0.019 per annum; this
assumption is derived by dividing the annual incidence of TB in the HIV-negative South
African population (0.004 per annum [34]) by the fraction of Ol patients that have TB at high
CD4 counts (20.8% in a Cape Town study [32]). The incidence of Ols in ART patients is
assumed to be 0.10 per annum, which is 0.11 times the rate in untreated patients with CD4
<200 and 0.37 times the rate in untreated patients with CD4 200-349. These ratios are roughly
consistent with studies that have shown the incidence of HIV-related morbidity after ART
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initiation to be between 0.16 and 0.39 times that in untreated patients, after controlling for
differences in baseline CD4 count [35-37].

Few data exist on the proportion of Ol patients who are tested for HIV, except in the case of
TB. It is therefore assumed that the fraction of Ol patients tested for HIV is the same as the rate
of HIV testing in patients with TB symptoms. Table S2.1 summarizes the model assumptions
about the fraction of Ol patients tested for HIV and the associated data sources. The model also
allows for the possibility that individuals who have previously been diagnosed may get retested
when they experience Ols, and the relative rates of testing in previously-diagnosed individuals
are the same as assumed in the previous section.

Table S2.1: Assumed rates of general testing and testing in Ol patients and pregnant women
(undiagnosed)

General Testing of Ol Testing of Retesting of HIV-negative
Year testing, b(t) patients pregnant women pregnant women
Male Female Rate Sources Rate  Sources Rate Sources

Pre-1999 - - 5% 0.0% 0%

1999-00  0.0347 0.0558 5% 0.9% 0%

2000-01  0.0365 0.0586 5% 2.9% 0%

2001-02  0.0374 0.0602 5% 7.5% [38] 0%

2002-03  0.0390 0.0626 5% 15.6% [39, 40] 0%

2003-04  0.0308 0.0506 5% 31.3% 0%

2004-05 0.0228 0.0384 8% [41] 42.0% [42] 0%

2005-06  0.0263 0.0453 15%" [43] 54.5% [44] 0%

2006-07 0.0265 0.0467 21%" [43] 72.2% [45] 0%

2007-08  0.0241 0.0435 29%" [43,46] 84.0% [47] 5% [48]
2008-09 0.0382 0.0707 34%" [43,46] 89.0% [49] 15%

2009-10  0.1477 0.2803 43%" [43,50] 93.0% 25% [51]
2010-11  0.1982 0.3861 55%" [50,52] 97.0% [53] 35% [51]
2011-12  0.1550 0.3020 78%" [50] 98.0% [54] 45% [51]
2012-13  0.1472 0.2867 83%" [50] 98.0% 55%

2013-14  0.1043 0.2031 87%" [50] 98.0% 65%

2014-15 0.1199 0.2336 92%" [50] 98.0% 75%

2015-16  0.1677 0.3268 93%" [50] 98.0% 85%

2016-17  0.1851" 0.3605" 93%™ 98.0%* 95%*

* Assumed rates are slightly lower than those quoted in the cited sources because the sources present the fraction
of TB patients with a known HIV status, which is higher than the fraction of TB patients who receive an HIV test.
+ Annual rates of testing for 2017-18 and subsequent years are set to 0.1448 and 0.2821 for men and women
respectively, the average of the values estimated over the 2012-2017 period. ¥ Rates are assumed to remain
constant at the 2016/17 level after 2017. * The proportion is assumed to remain at 95% in 2016 and all subsequent

years, based on recent unpublished DHIS data, which suggest that almost all HIV-negative preghant women
receive retesting in late pregnancy.

2.2.3 Testing of pregnant women

The modelling of fertility is described in more detail elsewhere [10]. Briefly, each woman’s
probability of conception is assumed to be a function of her sexual activity (highest in women
with multiple partners, and zero in women who are not sexually active), contraceptive usage,
breastfeeding and HIV stage (women in more advanced stages of HIV disease being less likely
to fall pregnant). The model also allows for variation between women in their natural
fecundability, both intra-individual variation (due to changes in hormone levels around
menarche and menopause) and inter-individual variation (i.e. allowing for the possibility that
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some women are naturally more fertile than others). The modelled conception probabilities are
constrained such that the model matches the rates of fertility estimated in the ASSA2008 AIDS
and Demographic model [12], by age, race and calendar year.

Table S2.1 shows the assumed proportions of pregnant women tested for HIV in each year.
These proportions apply to all women who have not previously been diagnosed positive. As
before, the model allows for the possibility of retesting in pregnant women who have
previously been diagnosed, and the adjustment factors are the same as described in previous
sections.

In recent years it has become common for women who test negative on their first antenatal
HIV test to be offered retesting in late pregnancy. Although these retests are usually not
included in the total numbers of HIV tests reported by the Department of Health, they do
nevertheless affect the cost-effectiveness of antenatal HIV screening and are therefore
important to model. Table S2.1 shows the assumed fraction of women testing HIVV-negative
antenatally who receive retesting in late pregnancy.

2.2.4 Testing of partners of diagnosed individuals

Currently in South Africa, there is no policy of active partner notification when an HIV
diagnosis is made. Although newly-diagnosed individuals may be encouraged by health
workers to disclose their HIV status to their sexual partner(s), the health worker makes no
attempt to contact these sexual partners on behalf of the patient. This ‘passive’ approach to
partner notification is generally not shown to be very effective in getting partners of newly-
diagnosed individuals tested for HIV. Many South African studies have shown that HIV-
diagnosed individuals do not disclose their HIV status to their sexual partners, with disclosure
being particularly uncommon in the case of non-spousal relationships [55-57]; it has also been
found that rates of disclosure are relatively low in women and in individuals who have not yet
initiated ART [56, 58-60]. Even when individuals disclose their HIV status, there is no
guarantee that this will result in their sexual partner seeking HIV testing.

Table S2.2 summarizes the results of African studies that have assessed the proportion of sexual
partners who come for HIV testing following HIV diagnosis of the index patient. With the
exception of the studies of Brown et al [61] and Kiene et al [62], all of these studies have been
done in the context of antenatal screening, and there is thus limited African data on the success
of partner notification when the index patient is male. The weighted average fraction of partners
receiving HIV testing was 30% (after weighting by the number of index cases in each study).
It is also important to note that all of these studies have been conducted in settings in which a
relatively high proportion of index patients are married or cohabiting with their sexual partner.
In two of the studies, there was a strong association between male partner testing and marital
status (OR 4.50 (95% ClI: 2.20-9.19) in Tanzania [63] and OR 2.11 (95% CI: 1.14-3.92) in
Kenya [64]).
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Table S2.2: Proportion of partners coming for HIV testing following diagnosis of index HIV
case (passive partner notification approaches)

0,
#individuals 0 Of partners

Study Location % married . seeking
diagnosed .
testing
Msuya et al [63] Moshi, Tanzania 91% 184 18.5%
Aluisio et al [64] Nairobi, Kenya 84%" 456 30.7%
Brown et al [61] Lilongwe, Malawi ~ 73% 82 24.4%
Rosenberg et al [65]  Lilongwe, Malawi  100% 100 52.0%
Kiene et al [62] Mpigi, Uganda - 387 35.1%

* Monogamous marriages only. ¥ The number of partners of newly-diagnosed individuals.

In our model, the probability of HIV disclosure at the time of HIV diagnosis is assumed to
depend on the relationship type and the individual’s sex. A disclosure probability of 50% is
assumed for women who are in non-marital relationships, and this disclosure probability is
adjusted by odds ratios of 1.25 in men and 2.5 in married couples (i.e. the probability of
disclosure from a married woman to her husband is 71%, and the probability of disclosure from
an unmarried man to his partner is 55%). If 30% of the husbands of newly-diagnosed married
women receive HIV testing following their wives’ HIV diagnosis, this implies that the
probability of men seeking HIV testing, given that their wives have disclosed their HIV-
positive status, is 0.42 (i.e. 0.30/0.71). In the absence of more detailed data, the same 0.42
probability of seeking testing (conditional on disclosure) is assumed to apply regardless of
whether the partner is male or female, and regardless of whether the relationship is marital or
non-marital. For example, if an unmarried woman is diagnosed positive, the probability that
she discloses her HIV status to her male partner and he gets tested as a result of this disclosure
is0.50 x 0.42 = 0.21.

2.2.5 Testing of STI patients

Early syndromic management protocols in South Africa did not explicitly mention the need for
HIV testing as part of STI patient consultations [66, 67], and the importance of HIV testing has
only been mentioned in guidelines issued since 2009 [68]. Few data exist on the extent to which
HIV testing is actually offered. The only nationally representative data are from surveys
conducted in 2002 and 2014, in which standardized patient actors were used to estimate that
8% and 67% of providers respectively offered HIV testing to STI patients [39, 69]. A
longitudinal study in North West province in 2013 found that 54% of standardized patient
actors were offered HIV testing at baseline [70]. Earlier studies in Cape Town and KwaZulu-
Natal found intermediate proportions: Leon et al conducted a trial and found that in non-
intervention STI clinics, the rate of HIV testing increased from around 30% prior to 2007 to
43% in 2007 [71], and the latter was similar to the rate found in KwaZulu-Natal in 2006 [72].
Table S2.3 shows the assumed proportions of ST1 patients receiving HIV testing in each year,
based on these studies. These rates of HIV testing are assumed to apply only in the public
health sector, as the only available data are from the public sector. The limited data available
from the South African private sector suggest that relatively few private practitioners follow
syndromic management protocols [73], and thus few would be expected to offer HIV testing
as part of the ST patient consultation.
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Table S2.3: Assumed HIV testing rates in public-sector STI patients and prisoners, and rates
of medical male circumcision (MMC)
Testing of STI patients Ratio of # MMC operations  Testing of prisoners

Year Proportion  Sources to # men aged 15-49 Annual rate  Sources
Pre-2000 0% 0.0000 