
Supporting information: S1 File. Summary of studies included in the study survey.

Study Modality Classifier Sample size Accuracy, %
Akshoomoff et al. 2004 [1] Brain imaging Discriminant func-

tion analysis
67 95.8

Jiao et al. 2010 [2] Brain imaging Tree/forest 38 87.0
Ecker et al. 2010 [3] Brain imaging SVM 44 77.0
Ecker et al. 2010 [4] Brain imaging SVM 40 85.0
Ingalhalikar et al. 2011 [5] Brain imaging SVM 75 80.0
Anderson et al. 2011 [6] Brain imaging Thresholding 80 79.0
Uddin et al. 2011 [7] Brain imaging SVM 48 92.0
Murdaugh et al. 2012 [8] Brain imaging Logistic regression 27 96.0
Uddin et al. 2013 [9] Brain imaging Logistic regression 40 78.0
Deshpande et al. 2013 [10] Brain imaging SVM 30 95.9
Just et al. 2014 [11] Brain imaging Näıve Bayes 34 97.0
Wee et al. 2014 [12] Brain imaging SVM 117 96.3
Segovia et al. 2014 [13] Brain imaging SVM 92 85.0
Zhou et al. 2014 [14] Brain imaging Tree/forest 280 70.0
Jamal et al. 2014 [15] Brain imaging SVM 24 94.7
Chen et al. 2015 [16] Brain imaging Tree/forest 252 91.0
Jin et al. 2015 [17] Brain imaging SVM 80 76.0
Plitt et al. 2015 [18] Brain imaging SVM 296 76.7
Iidaka et al. 2015 [19] Brain imaging Neural network 640 90.0
Libero et al. 2015 [20] Brain imaging Tree/forest 37 91.9
Li et al. 2016 [21] Brain imaging SVM 47 87.5
Ghiassian et al. 2016 [22] Brain imaging SVM 1111 65.0
Yahata et al. 2016 [23] Brain imaging Logistic regression 181 85.0
Chen et al. 2016 [24] Brain imaging SVM 240 79.2
Chanel et al. 2016 [25] Brain imaging SVM 29 92.3
Grossi et al. 2017 [26] Brain imaging Tree/forest 25 100.0
Guo et al. 2017 [27] Brain imaging Neural network 110 86.4
Kam et al. 2017 [28] Brain imaging Neural network 133 80.8
Subbaraju et al. 2017 [29] Brain imaging SVM 37 95.0
Ibrahim et al. 2018 [30] Brain imaging KNN 19 94.2
Zhang et al. 2018 [31] Brain imaging SVM 149 78.3
Bi at al. 2018 [32] Brain imaging SVM 84 96.2
Sen et al. 2018 [33] Brain imaging SVM 800 64.3
Dekhil et al. 2018 [34] Brain imaging SVM 283 91.0
Aghdam et al. 2018 [35] Brain imaging Neural network 185 65.6
Bhaumik et al. 2018 [36] Brain imaging Partial least square

regression
372 62.0

Heinsfeld et al. 2018 [37] Brain imaging Neural network 1035 70.0
Kazeminejad et al. 2019 [38] Brain imaging SVM 51 95.0
Huang et al. 2019 [39] Brain imaging SVM 92 79.4
Payabvash et al. 2019 [40] Brain imaging Tree/forest 57 75.3
Kong et al. 2019 [41] Brain imaging Neural network 182 90.4
Feczko et al. 2018 [42] Behavioural/ cog-

nitive
Tree/forest 105 72.7

West et al. 2014 [43] Clinical chemistry SVM 82 81.0
Anwar et al. 2018 [44] Clinical chemistry SVM 69 89.0
Liu et al. 2016 [45] Eye tracking SVM 87 88.5
Wan et al. 2019 [46] Eye tracking Discriminant func-

tion analysis
74 85.1
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Supporting information: S1 File. – continued from previous page
Study Modality Classifier Sample size Accuracy, %
Latkowski & Osowski 2015
[47]

Gene expression Tree/forest 146 78.4

Oh et al. 2017 [48] Gene expression SVM 42 93.8
Perego et al. 2009 [49] Motion tracking SVM 20 100.0
Crippa et al. 2015 [50] Motion tracking SVM 30 96.7
Anzulewicz et al. 2016 [51] Motion tracking Tree/forest 82 93.0
Li et al. 2018 [52] Motion tracking SVM 30 93.3
Ilias et al. 2018 [53] Motion tracking Neural network 44 98.4
Parikh, et al. 2019 [54] Personal charac-

teristic data
Neural network 851 62.0

Tariq et al. 2018 [55] Video ratings Logistic regression 162 80.3
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