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Supplementary Figure 1. Examples of noise components removed at the individual level of
ICA denoising. For denoising process, we first trained and tested an automated signal classifier

(Tohka et al., 2008) and removed an average of 4.3 components (13.7%) from each individual.
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Supplementary Figure 2. Identified intrinsic resting state networks from group level ICA in the
current study. Each “r” indicates spatially cross-correlation coefficient value with canonical
resting-state network templates acquired from previous studies (Laird et al., 2011; Shirer, Ryali,

Rykhlevskaia, Menon, & Greicius, 2012; Smith et al., 2009; see also Clewett et al., 2014)
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Supplementary Figure 3. (A-B) Identified the RSN from both age group and (C-D) each
individual’s right frontoparietal network depending on the group. Each “” indicates spatially
cross-correlation coefficient value with canonical resting-state network templates acquired from
previous studies (Laird et al., 2011; Shirer, Ryali, Rykhlevskaia, Menon, & Greicius, 2012; Smith et
al., 2009; see also Clewett et al., 2014)
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Supplementary Figure 4. Slices for each network of interest in the current study.
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