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Supplementary Figure 1: Sketch of the k-space view sharing algorithm. Sketch of the algorithm
using an undersampled spiral trajectory. The oversampled part of k-space is in marked in red in
panel A) with the sampling trajectory and in panel B) with its corresponding DCF. In the oversampled
(red) area, the algorithm applies density compensation as in reqular gridding. In the undersampled
area (black), data is shared with n neighboring frames proportionally to the DCF (panel C). The

residual DCF is then applied to the borrowed frames (panel D).
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Supplementary Figure 2: Multipath neural network quantification results versus gold

standard reference. Quantification results at 1.5T and 3T for all readout trajectories with and without

k-space weighted view-sharing.
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Supplementary Figure 3: Multipath neural network quantification bias and standard deviation.
Quantification bias and standard deviation at 1.5T and 3T for all readout trajectories with and without

k-space weighted view-sharing.
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Supplementary Figure 4: Multipath neural network quantification validation for high-
resolution mapping. The plot compares percentage differences against the gold standard
reference for the standard 3D spiral (red) and the high-resolution version (blue). Parameter inference

in both cases was obtained using the NN multipath architecture.
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Supplementary Figure 5: Contrast-synthesis. The inclusion of PD enables the creation of

synthetic contrasts.



