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1. Datasets

Figure S2.1: The spatial layers used to compute geographic access and school catchment
areas: school locations and factors that affect travel
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Mesh

Figure S2.6 shows the mesh used to define the piece-wise linear approxi-
mation of the Gaussian field S(x)

Constrained refined Delaunay triangulation

Figure S2.6: Mesh generated using the inla.mesh.2d function from the INLA R package
(Krainski et al., 2018).
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