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Supplementary Fig. 1 Metagenome sequencing identifies COPD-associated faecal microbiota. a

Principal component analysis at the genome level based on read count mapping to each genome. b

Read counts were transformed prior to analysis using log cumulative-sum-scaling. Family level

relative abundance presented. Each bar represents an individual sample (n = 57, COPD: n = 28;

healthy: n = 29.). Families with average relative abundance <1% are grouped under Other.

Unmapped indicates percentage of reads that did not map to the genome database. a and b are based

on read counts per genome generated from read mapping to recovered metagenome-assembled

genomes plus reference genomes available from NCBI.
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Supplementary Fig. 2 Predicted functional capacity of gut metagenome does not distinguish

between COPD and healthy samples at the global level. Principal component analysis of read

counts per domain following annotation of raw reads with predicted function based on alignment

with Pfam, TIGRFAM, KEGG and CAZy databases. No significant difference was identified

between COPD and healthy samples: PERMANOVA Ppfam=0.5117; Prigrfam=0.5688; Pkege=0.5616;

Pcazy=0.1247. COPD: n = 28; healthy: n = 29.
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Supplementary Fig. 3 Gut metabolome of COPD patients is distinct from healthy individuals and

correlated with the gut microbiome. a Principal component analysis of log-transformed median-

scaled metabolomic data. PERMANOVA P=0.003. b MixOmics DIABLO correlation plot

displaying Pearson correlations between metagenomic and metabolomic data on the first principal

component. The correlation between the two data types supports their integration and the

presentation a joint signature. COPD: n = 28; healthy: n = 29.
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