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clinical breast data were collected by the hospitals in de-identified format. Owing to patient-privacy considerations, they are not publicly available. All requests for
academic use of in-house raw and analyzed data can be addressed to the corresponding authors. All requests will be promptly reviewed within 10 working days to
determine whether the request is subject to any intellectual property or patient-confidentiality obligations, will be processed in concordance with intuitional and
departmental guidelines, and will require a material transfer agreement (available at https://github.com/lich0031/AIDE).

No sample size calculation was performed. We used all samples available from the public and clinical datasets. Specifically, for the clinical
datasets, three datasets with a total of 11,852 image samples acquired from 872 subjects by three medical centers were constructed. We
randomly select 100 subjects as the test set for each dataset and the remaining as the training set. All the cases in the dataset were
independent and non-repeating samples. The test sets were hold-out sets that were unseen by the models during model optimization. We
believe the sample size was sufficient for our segmentation task to support our conclusions as there samples represent cases from different
medical centers with different scanners and scan parameters.

Before the research began, patients who had no visible breast tumors or underwent a biopsy, chemotherapy, or surgery before the MR image
acquisition were excluded. The data exclusion criteria were pre-established. All the image data discussed in the methods section were
included in the analyses.

The code used for training the deep-learning models are made publicly available for the reproducibility purpose. Statistical analysis has been
given as well. Specifically, we run the code 3 times with different random initializations for the CHAOS dataset. For the domain adaptation task
of prostate segmentation, 6 independent experiments were performed. On the QUBIQ datasets, we repeated 6, 7, 3, and 3 times respectively
for the four different sub-tasks according to their dataset properties. For our breast datasets, data from three hospitals were utilized. So the
experiments were performed independently for 3 times.

The samples were allocated into experimental groups (training and testing) randomly for experiments utilizing the CHAOS dataset and the
collected clinical breast datasets. For experiments utilizing the prostate datasets and the QUBIQ datasets, we allocated the samples following
the respective challenges. According to the challenges, the samples were also randomly allocated into the different experimental groups.

The radiologists were blinded to the group allocation during breast data collection and breast tumor delineation. The investigators in this
study were not blinded to training and testing group allocation for the CHAOS dataset since the breast image data were de-identified before
analyses and randomized group allocation was performed. For the prostate datasets and the QUIBIQ datasets, the investigators in this study
were blinded to the group allocation.




