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Supplementary Table 1: Number of images and their lath-shaped
bainite content for each fold of each of the four data sets.

Dataset Fold 0 1 2 3 4
LOM Number of tile images 151 151 151 151 150
Bainite pixel percentage [%] 27 26.3 274 31.2 29.8
LOM downscaled Number of tile images 36 36 36 36 35
Bainite pixel percentage [%] 30.6 26.7 252 28 25.4
SEM Number of tile images 83 83 83 82 82
Bainite pixel percentage [%] 50.9 58.6 62.3 63.2 60.2
SEM downscaled Number of tile images 27 27 27 27 27
Bainite pixel percentage [%] 50.9 46.8 55.3 55.1 59.5



Supplementary Table 2: Number of images and their lath-shaped bainite
content for each fold of each of the data sets from tile experiment.

Tile size Fold 0 1 2 3 4
64 Number of tile images 2612 2611 2611 2611 2611
Bainite pixel percentage (%] 27.2 27.7 27.1 278 275
96 Number of tile images 1020 1020 1020 1020 1020
Bainite pixel percentage [%] 27.0 29.7 27.7 29.3 28.1
128 Number of tile images 653 653 653 653 652
Bainite pixel percentage [%] 27.3 272 27.2 287 26.9
192 Number of tile images 255 255 255 255 255
Bainite pixel percentage [%] 28.4 285 29.0 27.3 28.7
256 Number of tile images 164 163 163 163 163
Bainite pixel percentage [%] 25.8 284 27.1 285 274
512 Number of tile images 41 41 41 41 40
Bainite pixel percentage [%] 27.6 29.0 274 29.1 24.1



Vanilla U-Net + Convolution Layer Designations
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Supplementary Figure 1: Vanilla U-Net architecture.



U-Net VGG16
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Supplementary Figure 2: VGG16 U-Net architecture.
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Supplementary Table 3: (ass-averaged I oU f or the different f olds f or two exemplary models.
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Supplementary Figure 4: Grad-CAM maps indicating image regions
that dictated the decision of the Vanilla U-Net network with respect
to the background class. The individual panel captions refer to the
specific network layer for which the activation map is computed (see
Supplemental Figure 1).
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Supplementary Figure 5: Grad-CAM maps indicating image regions
that dictated the decision of the Vanilla U-Net network with respect
to the foreground class. The individual panel captions refer to the

specific network layer for which the activation map is computed (see
Supplemental Figure 1).
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Supplementary Figure 6: Grad-CAM maps indicating image regions
that dictated the decision of the VGG U-Net network with respect to
the background class. The individual panel captions refer to the
specific network layer for which the activation map is computed (see
Supplemental Figure 1 and 2).
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Supplementary Figure 7: Grad-CAM maps indicating image regions
that dictated the decision of the VGG U-Net network with respect to
the foreground class. The individual panel captions refer to the specific
network layer for which the activation map is computed (see
Supplemental Figure 1 and 2).
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