Supplementary Material

Supplementary Figures
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Supplementary Figure 1a Distribution of features used by the classifier for TSG and OG.

The kernel density was plotted for training genes used for classifying TSG and OG to study the

differences between the distributions of features. Kolmogorov-Smirnov statistic and the p-

value is given for each feature. Larger KS statistic means a larger difference in the two

distributions.



Distribution of features (contd.)
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Supplementary Figure 1b Distribution of features used by the classifier for TSG and OG.
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Distribution of features (contd.)
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Supplementary Figure 1c Distribution of features used by the classifier for TSG and OG.
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Distribution of features (contd.)
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Supplementary Figure 1d Distribution of features used by the classifier for TSG and OG.
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Supplementary Figure 1e Distribution of features used by the classifier for TSG and OG.
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Supplementary Figure 2 Precision of various driver prediction tools. The list of known
driver genes in CGC and genes published by Bailey et al were compared with the genes
predicted by various computational driver prediction tools. The precision is defined as

the number of known driver genes predicted by the total number of genes predicted.



