S4 Table. List of utilized open-source methods, best parameters and references.

Method name and references

Best performing parameters*

Extreme Gradient Boosting (XGBoost) (1-3)

subsample: 0.8, n_estimators: 1500,
max_depth: 5, learning_rae'": 0.01, gamma: 1,
colsample_bytree: 0.6

Logistic Regression with L1 regularization
and saga solver (4,5)

solver=saga, max_iter=1000, penalty="I1’

Random Forest Classifier (4,6)

n_estimators=20, criterion="entropy’,
max_depth=None, min_samples_split=2,
min_samples_leaf=1, max_features="auto'

The following classifiers were only briefly
explored:

Decision Tree Classifier (7)

criterion="entropy’', splitter='best’,
max_depth=None, min_samples_split=2

Voting Classifier 1

voting='soft', combining the best Logistic
Regression model with Random Forest Model
with 1000 trees

Voting Classifier 2

voting='soft', combining the best Logistic
Regression model with Random Forest Model
with 20 trees

Multi-Layer Perceptron Classifier 1 (8)

activation="relu', solver='adam’,
alpha=0.0001, batch_size="auto’,

power_ t=0.5, max_iter=1000,shuffle=True,
tol=0.0001, verbose=False,
warm_start=False, n_iter_no_change=10,
early_stopping=True, validation_fraction=0.2,
learning_rate_init=0.001,
hidden_layer_sizes=(200,)

Multi-Layer Perceptron Classifier 2 (8)

activation='"relu', solver="lbfgs', alpha=0.0001,
power_t=0.5, tol=0.0001, verbose=False,
warm_start=False,

max_fun=15000, max_iter=1000,
hidden_layer_sizes=(100,)

Multi-Layer Perceptron Classifier 3 (8)

activation='"relu’, solver='sgd', alpha=0.0001,
batch_size="auto’, learning_rate='adaptive’',
power_t=0.5, max_iter=1000, shuffle=True,
tol=0.0001, verbose=False,
warm_start=False,




momentum=0.9, nesterovs_momentum=True,
early_stopping=True,

validation_fraction=0.2,
learning_rate_init=0.1,
hidden_layer_sizes=(200, 150)

Stochastic Gradient Descent Classifier (9,10) [ loss='modified_huber', penalty="12',
max_iter=1000, learning_rate='optimal',

n_jobs=-1
Ada Boost (11,12) n_estimators=50, learning_rate=1.0
Gradient Boosting (13) n_iter_no_change=None, tol=0.0001,

learning_rate=0.1,, n_estimators=100,
max_depth=3, subsample=1.0

K Neighbors Classifier (14) algorithm="auto’, p=2, n_jobs=-1,
n_neighbors=5,

Quadratic Discriminant Analysis (15)

Gaussian Naive Bayes (16,17)

* Best performing parameters found using Grid Search, default parameters were used if not
stated otherwise
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