Details of 4-fold cross-validation — Dealing with
missing indicators in simple linear regression and
random forest analyses

Pseudocode description

The following piece of pseudocode describes the practical details of the 4-fold cross-
validation experiment and the calculation of the MSE metrics of the Ry predictions from
the linear regression and the random forest prediction algorithms against the values
estimated using seroprevalence data as well as the calculation of the corresponding
MSE metrics for the case where Ry is calculated using the default method against the

values estimated using study-specific seroprevalence data.

1. RandomState = 0. 1Initialize RandomState variable which is
used as the seed for the pseudo-random split of the 98
studies to 4 folds (point 3.a)

2. GoodStatesList = [empty list]. Initialize GoodStatesList
in which we keep the seeds that result in splits to 4 folds
that are suitable for running the experiment (see point
3.b.1 below)

3. while length (GoodStatesList) < 10
a. Split the 98 studies in 4 folds (24 or 25 studies in

each) using RandomState as the seed
b. Check whether for each one of the 66 indicators there is
at least one study in each fold with a valid (non-
missing) value of the indicator:
i. If Yes: append RandomState to GoodStatesList and
continue to the following step 3.c
ii. If No: then increase the value of RandomState by 1
and jump to step 3.a
Simple linear regression component:
c. for indicator, i, ranging across the 66 indicators
i. for testfold, t, ranging from 1 to 4
A. Use those studies in testfold that have a valid
value for indicator 1 as the test set (denote
their number with Niest) and those studies in the
other 3 folds that have a valid value for
indicator 1 as the train set (denote their
number with Ntrain) . As a result of check in step
3.b.1i it is guaranteed that Niest 2 1 and Nirain 2
3. (A simple explanation of this is given in
the toy-case example further below). The number
of studies in the test and train set for each
indicator in each fold and each different split
to folds are given in the Table further below



ii.

B. Fit linear regression line to the Ntmain studies
in the training set using the value Ryp of the
basic reproduction number as estimated using
seroprevalence data

C. Use the fitted line calculated in step 3.c.i.B

to predict the basic reproduction number ﬁo for
each of the Ntest studies in the test set.

D. Compute the mean squared error for the studies
in the test set, MSE(t,1) as

Ntest (RO _ RO- )2
MSE, 5(t,i) = z ~ I
j=1

where ﬁ% and Rojdenote the basic reproduction
number for the j™ study of the test set
predicted using linear regression line of step
3.c.1.B and estimated using seroprevalence data
respectively.

E. Compute the mean squared error for the studies
in the test set, MSEir,qer(t,1) as

Neest ( Rouer, — Ro, )2

MSE g gef(t, i) = Z N
= test

where ﬁqu) and Roj denote the basic

Ntest

reproduction number for the j™ study of the
test set predicted using the default method and
estimated using study-specific seroprevalence

respectively
Average the values of MSE over the 4 folds
A. Compute the mean of MSEz(t, 1) over the four

testfold repetitions to get MSEig, . ..(0) (linear
regression prediction):

4
MSEyq, .. (i) = 2 MSE, g (t, i) /4
t=1

B. Compute the mean of MSErr,qr(t, 1) over the four
testfold repetions to get MSELR'defmean(i)

(regional average prediction):

4
. MSE; g gef(t, )
MSEip e, .. (D) = 2 +

t=1

Random forest component:

d.

for indicatorset, Ix, k =1, 2, 3, 4, 5 ranging across

the 5 subsets of indicators described in the text (25

indicators that have no missing values, 43 indicators

that have up to 10 missing values, etc.)

i. for testfold, t, ranging from 1 to 4

A. Use those studies in testfold that have valid

values for all the indicators in indicatorset,
Ix as the test set (denote their number with
Niest) and those studies in the other 3 folds
that have valid values for all the indicators
in indicatorset, Ix as the training set (denote
their number with N¢rain) . Note that the check of



ii.

step 3.b.1i guarantees neither that Neese > 0 nor
that Ntrain > 0. A simple explanation of this is
given in the toy-case example further below.
The number of studies in the test and train set
for each indicators set Ix in each fold and each
different split to folds are given in the Table
further below

If any Of Ntest Or Nirain is 0 raise a flag and
stop the execution

Train a random forest with the Ntrain studies of
the train set

Use the trained random forest of step 3.d.i.C

to predict the basic reproduction number ﬁo for
each of the N:test studies in the test set.
Compute the mean squared error for the studies
in the test set MSErr(t, Ix) as

N - 2
test (ROj . ROj )
MSEgRp(t, I,) = Z -_—
j=1
where R% and Roj denote the basic reproduction

Ntest

number for the ™ study of the test set
predicted using the random forest of step
3.d.1i.C and estimated using seroprevalence data
respectively

Compute the mean squared error for the studies
in the test set MSErr,qer(t, Ix) as

N . 2
test (Ro,defj . Ro]- )
MSEgp gef(t, Ix) = Z

j=1
where ﬁQdﬂV and Rojis the basic reproduction

Ntest

number for the j™ study of the test set
predicted using the default method and
estimated using study-specific seroprevalence
data respectively

Average the values of MSE over the 4 folds
Compute the mean of MSErr(t, Ix) over the four
testfold repetions to get MSEgp,.,..(Ix) (random
forest prediction):

MSERFmean(Ik) =

4
MSERp(t, 1) /4

t=1
Compute the mean o0f MSEgrr,qer(t, Ix) over the four

testfold repetions to get MSERF_defmean(Ik)
(regional average prediction):

4
MSERF aer (L, I)

MSERF,defmean(Ik) = Z 4
t=1

Store values of MSEjg, . ...(0) and MSE”uUmam(Dfor each of
the 66 indicators and MSEgg,,,,,(Ix) and MSERF'defmean(I")

for each indicator set Ix (k =1, .., 5)
Increase the value of RandomState by 1 and move to next
iteration of while-loop in step 3



Missing values example

In the following we use a toy-case example to highlight the implications that missing
indicator values have in the k-fold cross-validation experiments for the simple linear
regression and the random forest prediction algorithms. We consider a simplistic
scenario in which there are 9 data points (in our case studies) and 5 features (in our
case socio-economic indicators). We take example case in which the missing values

are distributed as follows:

Indicator 1 has no missing values

Indicators 2 and 3 are missing for Study 9

Indicator 4 is missing in Studies 8 and 9

Indicator 5 is missing in Studies 1, 5, 6, 7, and 8

We consider the case in which a 3-fold cross-validation is used. For a chosen split of
the 9 studies to 3 folds, in order for cross-validation experiment to be feasible in the
simple linear regression case, it is required that for every one of the indicators there
exists at least one study in each one of the folds that has a valid value. Such an
example of a split to folds where the simple linear regression cross-validation
experiment is feasible for each one of the indicators is shown in Fig A (labelled as
‘Example 1’). Furthermore, in this particular split to folds it can also be seen that there
exists a study in each fold which has valid values for all indicators. This practically
means that the cross-validation experiment is also feasible for the random forest case

in which one predictor is fitted to all the indicators together.

In a second example of split to folds, shown in Fig A (labelled as ‘Example 2’), it is also
true that for every one of the indicators there is at least one study in each one of the
folds which has a valid value. However, in the split of Example 2, it can be seen that
Fold 3 does contain a study which has valid values for all indicators. Hence in this split
the cross-validation experiment is feasible for the simple linear regression algorithm

4



on each of the indicators but not for the random forest algorithm which is trained and
tested on all the indicators together. The random forest cross-validation experiment is
however feasible in both splits of Fig A if we restrict the random forest training/testing
to a subset of indicators, e.g. to indicators 1 to 4. As it can be seen in Fig A if we restrict
the random forest to train/testing using indicators 1 to 4, then in example 2 split 1 has
studies 1, 2 and 4 with full values, and the same for studies 3 and 7 in split 2 and

studies 5 and 6 in split 3.

Fig A: Examples of two different splits to folds for the toy-case cross-validation
scenario described above. The ‘X’ marks denote missing values

Example 1 Example 2

Indicator Indicator
Fold | Study |1|2(3|4]|5 Fold | Study | 1|2[3|4|5

NN oy |00 (W (L |O |
x
x

DO UW |0 (N[~ (NP>
x
x

Overall, as can be seen in Fig A, in the example considered here there are only three
studies that have valid values for all indicators so only a few splits to folds have exactly
one of those 3 studies in each fold. By using a smaller set of indicators this condition
is relaxed. For instance, there are 7 studies that have valid values for the subset
containing indicators 1 to 4. Consequently, the cross-validation experiment is feasible

for the random forest in more splits to folds.

As is shown in Table B in S2 Table, in the actual indicator data that we use for the
results presented in this work, there is no study having a valid value for all indicators.

Hence, in order to make possible the random forest cross-validation experiment



feasible we chose to run it on subsets of indicators as described in the main text. As
can be seen in Table A, for the 5 subsets of indicators described in the main text it was
the case that in each of the 10 splits to folds chosen for the simple linear regression
experiment there was at least one study in each fold which had valid values for all

indicators in the chosen indicators subset. This can be seen in Table A.



Table A: Number of studies with a valid indicator value in each fold for each of the 10 repetitions of the 4-fold cross validation

experiment. The indicators order for the Simple Linear Regression case is the same as in Table A in S2 Table and the order of

indicators subsets for the Random Forest case is the same as in the main text. The row labelled ‘Seed’ gives the seed numbers used
for each of the 10 split to folds (omitted seed numbers corresponds to splits that did not have at least one study with a valid (non-
missing) value in each fold for each one of the 66 indicators.

Split 1 2 3 4 5 6 7 8 9 10

Seed 0 8 9 10 11 12 13 14 16 17

s |12 ]34 1]2 ]3] a|1]2]3 a|1]2]5]e 1]2]3]e|1]2]3]a|1]2]3]a|e]2]5]a]1]2]3]a|1]2]3]a

Indicator Simple Linear Regression

1 25 (25|24 (24 |25 |25 (24|24 (25|25 (24|24 |25|25|24 |24 [25|25(24 |24 |25(25|24 (24 |25(25|24 |24 |25|25(24|24|25|25(24|24|25|25|24|24
2 25 (25|24 (24 |25 |25 (24|24 25|25 (24|24 |25(25|24 |24 [25|25(24 |24 |25(25|24 (24 |25(25|24 |24 |25|25(24|24|25|25(24|24|25|25|24|24
3 25 (25124 (24 |25 (25 (24|24 (25|25 (24|24 |25(25|24 |24 [25|25(24 |24 |25(25|24 (24 |25(25|24 |24 |25|25(24 |24 (25|25 (24|24 |25(25|24|24
4 25 (25|24 (24 |25 |25 (24|24 (25|25 (24|24 |25|25|24 |24 25|25 (24|24 |25(25|24 (24 |25(25|24 |24 |25|25(24|24|25|25(24|24|25(25|24|24
5 25 (25124 (24 |25 (25 (24|24 (25|25 (24|24 |25(25|24 |24 [25|25(24 |24 |25(25|24(24|25(25|24 |24 |25|25(24|24|25|25(24|24|25(25|24|24
6 25 (25|24 (24 |25 |25 (24|24 25|25 (24|24 |25|25|24 |24 25|25 (24|24 |25(25|24 (24 |25(25|24 |24 |25|25(24|24|25|25(24|24|25|25|24|24
7 25 (25124 (24 |25 (25 (24|24 (25|25 (24|24 |25(25|24 |24 [25|25(24 |24 |25(25|24(24|25(25|24 |24 |25|25(24|24(25|25(24|24|25(25|24|24
8 25 (25124 (24 (25|25 (24|24 (25|25 (24|24 |25(25|24 |24 [25|25(24 |24 |25(25|24(24|25(25|24 |24 |25|25(24|24|25|25(24|24|25(25|24|24
9 25 (25|24 (24 |25 |25 (24|24 25|25 (24|24 |25|25|24 |24 [25|25(24 |24 |25(25|24 (24 |25(25 |24 |24 |25|25(24|24|25|25(24|24|25(25|24|24
10 25 (25124 (24 |25 (25 (24|24 (25|25 (24|24 |25(25|24 |24 [25|25(24 |24 |25(25|24(24|25(25|24 |24 |25|25(24|24(25|25(24|24|25(25|24|24
11 25 (25|24 (24 |25 |25 (24|24 (25|25 (24|24 |25|25|24 |24 |25|25(24 |24 |25(25|24 (24 |25(25|24 |24 |25|25(24|24|25|25(24|24|25(25|24|24
12 25 (25124 (24 |25 (25 (24|24 (25|25 (24|24 |25(25|24 |24 [25|25(24 |24 |25 (25|24 (24 |25(25|24 |24 |25|25(24 |24 (25|25 (24|24 |25(25|24|24
13 23 (23|23 (23|24 (22(24|22(23|23(22(24|22(24(22|24(23 |24 (22|23 |24 (24 |23(21|24 (25|24 |19 (25|24 (22|21|22|25(22|23 2423|2322
14 23 (23|23 (23|24 (22(24|22(23 |23 (2224222422 |24(23 |24 (22|23 |24 (24 |23(21|24 (25|24 |19 (25|24 (22|21|22|25(22|23|24(23|23|22
15 23 (23|23 (23|24 (22(24|22(23 |23 (2224|2224 (22|24(23 |24 (22|23 |24 (24|23 (21|24 (25|24 |19 |25|24(22|21|22|25(22|23 2423|2322
16 23 (23|23 (23|24 (22(24|22(23 |23 (2224222422 |24(23|24(22|23|24(24|23(21|24 (25|24 |19 (25|24 (22|21(22|25(22|23 2423|2322
17 23 (23|23 (23|24 (22(24|22(23 |23 (2224222422 |24(23 (2422|2324 (24|23 (21|24 (25|24 |19 |25|24(22|21|22|25(22|23|24(23|23|22
18 23 (23|23 (23|24 (22(24|22(23|23(22(24|22(24(22|24(23 |24 (22|23 |24(24|23(21|24 (25|24 |19 (25|24 (22|21|22|25(22|23 2423|2322
19 23 (23|23 (23|24 (22(24|22(23 |23 (2224222422 |24(23 |24 (22|23 |24 (24|23 (21|24 (25|24 |19 |25|24(22|21(22|25(22|23|24(23|23|22
20 15|13 (10|13 (11|13 |12 |15|14 (12| 9 (16|11 |15(11 |14 (14|14 |11 (12|16 | 6 |15|14 |12 |15(13 |11 (12|14 |13 |12 |13 (141014 |12 14|12 |13




21 231231232324 |22|24(22|23(23(22|24|22(24(22|24|23|24(22(23(24|24|23|21(24(25|24|19|25|24|22(21|22|25|22|23|24[23(23|22
22 231232323 (24 (2224|2223 (23 (2224|2224 (22|24 |23 |24|22|23 (24|24 (23 |21|24 (25|24 (19 (2524|2221 (2225|2223 |24|23|23]|22
23 2312312323 (24 (2224|2223 (23 (2224|2224 (22|24 |23 |24|22|23 (24|24 (23 |21|24 (25|24 (19 |25|24|22|21 (2225|2223 |24|23|23]|22
24 1918 (20 (18 |18 |20|17 (20|22 (19|14 |20|16 |22 |18|19|21 |17 (2017|2017 |19|19|{20(20 (21|14 |18 20|19 (1819|2016 |20 |16 |21 (19|19
25 2525|2424 (25 (25|24 |24 |25|25(24 (24 |25|25|24 |24 |25|25|24 |24 [25|25 (24|24 |25|25(24 (24 |25|25|24|24|25(25|24|24|25|25|24 |24
26 2512524 (24 |25 (25|24 |24 |125|25(24 (24 |25|25|24 |24 |25|25|24 (24|25 |25 (24|24 |25|25(24 (24 |25|25|24|24|25(25|24|24|25|25|24 |24
27 2525|2424 (25 (25|24 |24 |25|25 (24 (24 |25|25|24 |24 |25|25|24 |24 [25|25 (24|24 |25|25(24 (24 |25|25|24|24|25(25 (24|24 |25|25|24 |24
28 2512524 |24 |25 (25|24 |24 25|25 (24 (24 |25|25|24 (24 |25|25|24 (24|25 |25 (24|24 |25|25(24 (24 |25|25|24 |24 (25|25 |24 |24|25|25|24 |24
29 24 125|124 (24 (25 (25|24 |23 25|24 (24 (24 |25|25|23 (24 |25|25|23 |24 (25|25 (24|23 |25|25(23 (24 (25|24 |24 |24 |25(25|24|23|25|25|24|23
30 241252222 (24 (21 24|24 |24 |24 (22 (23|24 |24 |23 (22|23 |25|24 |21 (25|24 (22|22|25|24(22(22(23|25|22|23 2524222223 |22|24|24
31 2412312219 (21 (2123|123 |21|23 (2222|2323 (23|19 (23|23|22|20(21(24(23|20(19 |21 (24 (24|22 |22|21|23 (23|21 |22|22|21|22|23 |22
32 2412312219 (21 (2123|2321 |23 (2222|2323 (23|19 (23|23|22|20(21(24(23|20(19 (21|24 (2422|2221 |23 (23|21 |22|22|21|22|23]|22
33 2412312219 (21 (2123|123 |21|23(22(22|23|23|23(19(23|23|22|20(21(24(23|20(19 (21|24 (24|22 |22|21|23 (23|21 |22|22|21|22|23 |22
34 2525|2424 (25 (25|24 |24 |25|25(24 (24 |25|25|24 |24 |25|25|24 |24 (25|25 (24|24 |25|25(24 (24 |25|25|24 |24 (2525|2424 |25|25|24 |24
35 25|25 |24 |24 (25 (25|24 |24 |25|25(24 |24 |25|25|24 |24 |25|25|24 |24 (25|25 (24|24 |25|25(24 (24 |25|25|24|24|25(25|24|24|25|25|24 |24
36 2512524 (24 |25 (25|24 |24 |125|25(24 (24 |25|25|24 |24 |25|25|24 (24|25 |25 (24|24 |25|25(24 (24 |25|25|24|24|25(25|24|24|25|25|24 |24
37 24124119 |18 (18 {22 |23 |22 |18 |24 (21 |22|20|24 (21|20 (21|23 (23|18 (22 (22(21|20|23|20(20(22(24|21|22|18|20(21|24|20|21|23|23|18
38 2512524 |24 |25 (25|24 |24 |25|25(24 (24 |25|25|24 |24 |25|25|24 (24|25 |25 (24|24 |25|25(24 (24 |25|25|24 |24 (25|25 |24 |24|25|25|24 |24
39 21|24 |19 |16 |16 {22 (23|19 |17 |21 {21 |21|20|22|19(19 (19|23 (21|17 (20|22 (20|18|23|19(19 (19 (24|20|20|16|19 (20|23 |18 |21 |21|22]|16
40 2512524 |24 |25 (25|24 |24 |25|25(24 (24 |25|25|24 (24 |25|25|24 |24 |25 |25 (24|24 |25|25(24 (24 |25|25|24|24|25(25|24|24|25|25|24 |24
41 201211818 (19(20(19|19|20|20(18|19|20|22 |16 (19 |18 |21 |21 |17 (21|19 (19|18|22|19(19(17|19|19|20|19|21(21|16|19|19|19|19 |20
42 2212524123 (24 (2522|123 |24 (24|23 (23|22|25|24(23 (25|23 (23|23 (2425|2223 |25|24(23 (22|23 |25|23 |23 (24|24 |24|22|24|24|23|23
43 2512524 |24 |25 (25|24 |24 |25|25(24 (24 |25|25|24 |24 |25|25|24 (24|25 |25 (24|24 |25|25(24 (24 |25|25|24|24|25(25|24|24|25|25|24 |24
44 2512524 |24 (25 (25|24 |24 |25|25(24 (24 |25|25|24 |24 |25|25|24 |24 |25 |25 (24|24 |25|25(24 (24 |25|25|24|24|25(25|24|24|25|25|24 |24
45 2112312324 (22 (2422|2324 (24|21 (22|22|25|21(23(23|22|23 |23 (2422 (22|23|25|22(24(20(23|23|23|22(23(23|22|23|24|24|20|23
46 25|25 |24 |24 (25 (25|24 |24 |25|25(24 (24 |25|25|24 |24 |25|25|24 |24 |25|25 (24|24 |25|25(24 (24 |25|25|24 |24 (25|25 |24 |24|25|25|24 |24
47 201222120 (22(20|19|22|23 (22|18 (20|21|22|20(20|22|21|22|18 (22|22 (19|20|23 (21|21 (18 |19|22|20|22(22(22|18|21|20|21|20 |22
48 2512524 |24 |25 (25|24 |24 |125|25(24 (24 |25|25|24 (24 |25|25|24 (24|25 |25 (24|24 |25|25(24 (24 |25|25|24 |24 (25|25 |24 |24|25|25|24 |24
49 8(7|6|4)|5|8|8|4|6|4|9|6|5|6|8|6|4|6|8|7|4|8|8|5|5|6|8|6|9|6|4|6|5]|6|7|7|6/|4]|12]3




50 25|25(22| 2424|2524 (23|24 (25|23 (24 |25|25(24|22|25|25|23 (232524 (24|23 |24|25(23|24|25|25|23|23|25(24|24|23|24|24|24]|24
51 4132 |3|3|2|(5|2|(3|3|4|2|4|2|4|2|3|2|5|2|3|4]|2|3|4|2|3|3[|4]|2|3|3|4]|]2|4]2]|2|5]|3]|2
52 1812019 |18 (21|19 (17|18 |21 |18 |17 (19|21 |20(16 |18 (19|19 |20(17|19 (19|19 |18 |21 |20(18 |16 |18 |19 |19 |19 |20(21 |14 (20|19 (17|18 |21
53 14119 (17|11 (12|13 |19 |17 |15|14 |16 |16 |14 |16 (15|16 |13 |18 |16 (14|16 |18 |15|12 |18 |14 (16|13 (16|15 |13 |17 |12 (17|19 |13 |13 |16 |20 |12
54 13|17 |15|11 (10|11 |18 |17 (13|13 |15(15|13 |14 (13|16 (13|18 |12 |13 |15|16|15|10 |16 |14 (15|11 (14 |15|12|15|11 (17|16 (12|11 15|20 |10
55 13|17 {1511 (10|11 |18 |17 (13|13 |15(15|13 |14 (13|16 (13 |18 |12 |13 |15|16|15|10 |16 |14 (15|11 (14 |15|12 |15 |11 (17|16 |12 |11 15|20 |10
56 13|17 |15|11 (10|11 |18 |17 (13|13 |15(15|13 |14 (13|16 (13|18 |12 |13 |15|16|15|10 |16 |14 (15|11 (14 |15|12|15|11 (17|16 (12|11 15|20 |10
57 13|17 {1511 (10|11 |18 |17 (13|13 |15(15|13 |14 (13|16 (13 |18 |12 |13 |15|16|15|10 |16 |14 (15|11 (14 |15|12 |15 |11 (17|16 (12|11 15|20 |10
58 13|17 {1511 (10|11 |18 |17 (13|13 |15(15|13 |14 (13|16 (13 |18 |12 (13 |15|16|15|10 |16 |14 (15|11 (14 |15|12 |15 |11 (17|16 (12|11 15|20 |10
59 13|17 |15|11 (10|11 |18 |17 (13|13 |15(15|13 |14 (13|16 (13|18 |12 (13|15 |16 |15|10 |16 |14 (15|11 (14 |15|12|15|11 (17|16 (12|11 15|20 |10
60 13|17 {1511 (10|11 |18 |17 (13|13 |15(15|13 |14 (13|16 (13 |18 |12 (13 |15|16|15|10 |16 |14 (15|11 (14 |15|12 |15 |11 (17|16 (12|11 15|20 |10
61 13|17 |15|11 (10|11 |18 |17 (13|13 |15(15|13 |14 (13|16 (13|18 |12 |13 |15|16|15|10 |16 |14 (15|11 (14 |15|12|15|11 (17|16 (12|11 15|20 |10
62 13|17 {1511 (10|11 |18 |17 (13|13 |15(15|13 |14 (13|16 (13 |18 |12 |13 |15|16|15|10 |16 |14 (15|11 (14 |15|12 |15 |11 (17|16 (12|11 15|20 |10
63 13|17 |15|11 (10|11 |18 |17 (13|13 |15(15|13 |14 (13|16 (13|18 |12 |13 |15|16|15|10 |16 |14 (15|11 (14 |15|12|15|11 (17|16 (12|11 15|20 |10
64 13|15|15|10| 9 |11 |16 |17 |12 |13 |13 (15|11 |14 (12|16 |13 |16 |11 (13|14 |14 |15|10(15|13 (15|10 (14|14 |11 |14 |11 (14|16 |12 |10 15|20 8
65 13|15|15|10| 9 |11 |16 |17 |12 |13 |13 (15|11 |14 (12|16 |13 |16 |11 (13|14 |14 |15|10(15|13 (15|10 (14|14 |11 |14 |11 (14|16 |12 |10 15|20 8
66 6|7|9|4|4|8|7|7|6|4|9|7|2|7|8|9|4|20,4|8|7|8|6|5|8|7|8|3|6|9|4|7]|5|6]|9|6]|5|61]12]3
Ins(:ji;:::r Random Forest
1 25 (25|24 (24 |25 |25 (24|24 25|25 (24|24 |25|25|24 |24 25|25 (24|24 |25(25|24 (24 |25(25 |24 |24 |25|25(24|24|25|25(24|24|25(25|24|24
2 16 |19 |18 |16 (16|15 |20 |18 (17 (18 |15(19 |17 |22 (16|14 (18 |19 |17 (15|19 |19 |18 |13 |17 |18 (20|14 (18 |18 |16 |17 |18 (17 |17 |17 |17 |16 |18 |18
3 13117 (13| 9 (10|11 (17|14 |12 |14 |11 (15|14 |16 (13| 9 (13|16 |15| 8 |14 |17 |14 | 7 |15|12 (16| 9 (15|15|11 |11 |12 (14|13 (13|12 (13|16 |11
4 91128 3|4 |5|12|11|8 |8 | 6|10/{9|8|9|6|8|9|10(5|9|8|10|5|9]|7|11|5(|10{9|4|9|8 |8 |7 |9 |5|7]14]|6
5 6|/9(3(2|1(1|8|100|5|4,4)|7|6|4|5|5|6|8|4|2|8|2|7|3|5|5|7|3|5|6|3|6|5|6]|3|6|3|5|8]4
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