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Figure S5. Optimization of sequence count cutoffs and hyperparameter tuning. (A-B) Sequence
observation cutoffs were optimized for model development to ensure training on accurate data. Optimal cutoffs
of (A) 53 counts per RBD mutant for the ACE2 affinity model and (B) 15 counts per RBD mutant for the
antibody escape model were identified to maximize the Spearman’s p of the test set predictions with
experimental data. (C-D) Hyperparameter tuning of the regularization coefficient revealed optimal values of
(C) 1.90 for the ACE2 affinity model and (D) 6.02 for the human antibody escape model, which were also

identified by maximizing the test set Spearman’s p values.



